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regulates vegetation productivity at the start of the dry season.
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interactions with stakeholders, with the potential for Kwandu Okavango Zambez Conclusions and Future Directions

Figure 5 (bottom). Indicates the
Increase in number of dry years

*GWR minimizes the effects of unmeasured, spatially-varying factors.
*Intra-annual rainfall accounts for significant amounts of dry-season
vegetation productivity in all vegetation types, but is of increasing
importance for forests, woodlands, savannas, and grasslands, in order.
*The next step will be to use a residual trends analysis to assess long-term
vegetation responses to inter-annual changes in precipitation.

*Our research contributes to climate-land studies, linking how vegetation
B High: 279.9 types respond to precipitation variation at multiple spatial and temporal

feedbacks from the stakeholders to the system.
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variables relating to landscape dynamics in the four based on the years that fall in the Period 1:1990-1975  Perlod 2: 1950-2005

countries. lowest tercile (< 33%) of each sub-
(5) Empirical models (e.g. logistic regression) that relate both catchment time series

physical (e.g., deforestation, water quality, land-cover

change) and social variables (e.g., migration patterns,
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the local and regional landscape dynamics.
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