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Cycle from Observation to Countermeasure
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Characteristics of the Mekong delta
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Greenhouse gas emission derived from rice straw use
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Greenhouse gas emission derived from straw burning
- Comparison among different straw size and moisture -
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Greenhouse gas emission derived
from straw burning
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IPCC guideline (Tierl)

[Emission factor x Scaling factor in IPCC guideline]
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Semi-empirical daily CH, flux (mg C m-2 hrt) Model

count

CH, emission on a specific date
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Alluvial soils
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Acid sulfate soils
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-Freeman-Durden decomposition-
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Our data integration scheme &
Speckle noise filtering considering geo-process
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Simulation scheme with 25m-spatial resolution
- Hysteresis of soil matric potential energy-
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M O d e I Implicit RK4 integration model

WL = field water level

Matric-potential at irrigation index (Di) = Z(soil inundation rate before the irrigation,
t t m days after sowing, clay content)* ¢,
S r u C u re t = days after irrigation

Gravitational-potential at irrigation index (G) = field water level after irrigation *[3
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NICAM-TM(Chem)-LETKF

with AMSU, PREPBUFR and GOSAT/Sentinel-5P

Local Ensemble Transform

Nonhydrostatic ICosahedral Kolmonﬂl’rer

. Analysis Ens. mean
Atmospheric Model-TM(Chem)
o 9;).. ' 2 :‘;f '_‘;

& {

& )IN

CH4_mdi(ppm)80.84hpa_01-JAN-2000

“._ Observation operator
.
00000 /. /. development
A%~ for GOSAT
00000 ..’ /qi lx ‘:}

A \‘.. 4 ;,x,\ }‘/ ;
\'x‘{ '?.,f
,'K Terasaki et al., 2014
Direct comparison between GOSAT and emission data is meaningless...
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fdata (column/profile
system in

NICAM-TM-LETKF (PREPBUFR&GOSAT)
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Implementation of variable localization scheme In

NICAM-TM-LETKF (PREPBUFR&GOSAT)
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Implementation of variable localization scheme In

NICAM-TM-LETKF (PREPBUFR&GOSAT)
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Kang et al., 2012



Economic assessment of GHG mitigation under

various uncertainties
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L/S/C band SAR data fusion

& ensemble Bayesian simulation
(Probabilistic-approach, 20m-res.)
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